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ABSTRACT 

Purpose: This study examines the relationship between Artificial Intelligence (AI) adoption 

and organisational performance within Information Technology (IT) hubs across India. The 

research investigates how AI integration influences operational efficiency, decision-making 

capabilities, and competitive advantage in technology-driven organisations. 

Methodology: A quantitative cross-sectional research design was employed, collecting 

primary data from 387 mid-level and senior managers across IT hubs in Bengaluru, 

Hyderabad, Pune, and Chennai. Structured questionnaires measured AI adoption intensity, 

organisational performance metrics, and mediating factors. Statistical analyses included 

descriptive statistics, correlation analysis, multiple regression, and Structural Equation 

Modelling (SEM) using SPSS and AMOS software. 

Findings: Results indicate a significant positive relationship between AI adoption and 

organisational performance (β = 0.542, p < 0.001). Organisational learning capability and 

technological infrastructure emerged as significant mediators. IT hubs in Bengaluru 

demonstrated the highest AI adoption rates (M = 4.23, SD = 0.67) compared to other 
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locations. The findings suggest that organisations with comprehensive AI strategies achieve 

34.7% higher operational efficiency and 28.3% improved decision-making accuracy. 

Originality/Value: This research contributes to the limited empirical literature on AI-

organisational performance relationships in the Indian IT sector context. The study provides 

actionable insights for organisational leaders and policymakers regarding strategic AI 

implementation frameworks. 

 

KEYWORDS: Artificial Intelligence, Organisational Performance, IT Hubs, Technology 

Adoption, Digital Transformation, India. 

 

1. INTRODUCTION 

The rapid evolution of Artificial Intelligence (AI) technologies has fundamentally 

transformed organisational landscapes across global industries. Contemporary business 

environments demand unprecedented levels of efficiency, innovation, and adaptive capacity, 

compelling organisations to embrace AI-driven solutions for sustainable competitive 

advantage (Brynjolfsson & McAfee, 2017). India's Information Technology sector, 

contributing approximately 7.4% to the national GDP, represents a critical context for 

examining AI adoption dynamics and their implications for organisational performance 

(NASSCOM, 2024). The confluence of AI technologies with organisational processes 

presents both opportunities and challenges for Indian IT firms. Despite widespread 

acknowledgment of AI's transformative potential, substantial gaps persist in understanding 

the mechanisms through which AI adoption translates into measurable performance outcomes 

(Ransbotham et al., 2018). Previous research has predominantly focused on developed 

economies, leaving significant knowledge voids regarding AI implementation in emerging 

market contexts, particularly within India's vibrant IT ecosystem. 

Organisational performance encompasses multiple dimensions, including operational 

efficiency, financial outcomes, innovation capacity, and stakeholder satisfaction (Kaplan & 

Norton, 1996). The integration of AI technologies potentially influences each of these 

dimensions through enhanced data analytics, automated decision-making, and predictive 

capabilities. However, empirical validation of these relationships in the Indian IT sector 

remains limited, creating a critical research gap that this study addresses. India's IT hubs 

Bengaluru, Hyderabad, Pune, and Chennai serve as epicentres of technological innovation, 

hosting numerous multinational corporations and domestic firms at various stages of AI 

adoption (Kumar & Singh, 2023). These geographical concentrations provide ideal settings 
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for investigating the nuanced relationships between AI implementation strategies and 

organisational performance outcomes. The varying levels of technological infrastructure, 

talent availability, and organisational maturity across these hubs offer rich comparative 

insights. 

 

 

 

The theoretical underpinnings of this research draw from the Technology-Organisation-

Environment (TOE) framework and the Dynamic Capabilities View (DCV), providing 

comprehensive lenses for understanding AI adoption determinants and performance 

implications (Teece, 2007; Tornatzky & Fleischer, 1990). These frameworks suggest that 

successful technology adoption requires alignment between technological capabilities, 

organisational readiness, and environmental conditions. 

Recent studies indicate that organisations investing in AI capabilities demonstrate superior 

performance metrics, yet the magnitude and nature of these effects remain context-dependent 

(Davenport & Ronanki, 2018). The Indian IT sector, characterised by intense competition and 

rapid technological change, presents unique challenges and opportunities for AI-driven 

performance enhancement. Understanding these dynamics is essential for organisational 

leaders, policymakers, and technology providers seeking to maximise AI's value proposition. 

This study's primary objectives are to: (1) examine the relationship between AI adoption 

intensity and organisational performance in Indian IT hubs, (2) investigate mediating 

mechanisms including organisational learning capability and technological infrastructure, and 

(3) identify contextual factors moderating AI-performance relationships across different IT 

hubs. 

The significance of this research extends beyond academic contributions, offering practical 

insights for organisational decision-makers navigating AI implementation strategies. As 
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Indian IT firms increasingly compete on global platforms, understanding the performance 

implications of AI adoption becomes crucial for maintaining competitive positioning. 

Furthermore, the findings inform policy frameworks for supporting AI-driven innovation and 

economic growth. 

This paper proceeds with a comprehensive literature review, followed by methodology, 

results, discussion, and concluding sections that synthesise findings and propose future 

research directions. 

 

 

 

2. LITERATURE REVIEW 

2.1 Artificial Intelligence and Organisational Transformation 

Artificial Intelligence represents a paradigm shift in organisational operations, encompassing 

machine learning, natural language processing, computer vision, and robotic process 

automation (Russell & Norvig, 2020). The integration of AI technologies enables 

organisations to automate routine tasks, extract insights from vast datasets, and enhance 

decision-making processes (Bharadwaj et al., 2013). These capabilities fundamentally alter 

organisational structures, workflows, and competitive dynamics. 
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Prior research has documented significant performance improvements associated with AI 

adoption across various industries (Mikaief et al., 2019). Organisations implementing AI-

driven analytics report enhanced customer insights, improved operational efficiency, and 

accelerated innovation cycles (Aral et al., 2013). However, the magnitude of these benefits 

varies considerably based on implementation strategies, organisational readiness, and 

environmental conditions (Kiron et al., 2023). 

2.2 Technology Adoption Theories and Organisational Performance 

Several theoretical frameworks inform understanding of technology adoption and 

performance relationships. The Technology Acceptance Model (TAM) emphasises perceived 

usefulness and ease of use as key adoption determinants (Davis, 1989). The Unified Theory 

of Acceptance and Use of Technology (UTAUT) extends this framework by incorporating 

social influence and facilitating conditions (Venkatesh et al., 2003). The TOE framework 

provides a comprehensive perspective by considering technological, organisational, and 

environmental contexts (Tornatzky & Fleischer, 1990). 

The Dynamic Capabilities View (DCV) suggests that organisational success depends on the 

ability to sense, seize, and transform in response to environmental changes (Teece, 2007). AI 

adoption represents a dynamic capability enabling organisations to detect market trends, 

develop innovative solutions, and reconfigure resources for competitive advantage. This 

perspective emphasises the importance of organisational learning and adaptation in realising 

AI's performance benefits. 

Empirical studies have demonstrated that technology adoption positively influences 

organisational performance through enhanced efficiency, quality, and innovation 

(Damanpour, 1991). However, research consistently identifies mediating and moderating 

factors that condition these relationships, including organisational culture, leadership support, 

and employee capabilities (Wang & Ahmed, 2007). 

2.3 Artificial Intelligence in Indian IT Sector 

India's IT sector has experienced remarkable growth, contributing significantly to national 

economic development and global technology services (NASSCOM, 2024). The emergence 

of IT hubs across major cities has created ecosystems conducive to technological innovation 

and talent development. These hubs host a diverse range of organisations, from global 

technology giants to domestic startups, each at varying stages of digital transformation and AI 

adoption. 

Research on AI adoption in Indian IT organisations reveals both opportunities and challenges. 

Kumar and Singh (2023) documented that organisations demonstrating higher AI adoption 
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rates report superior innovation outcomes and market performance. However, significant 

barriers persist, including talent shortages, infrastructure limitations, and organisational 

inertia (Ghosh & Kumar, 2022). The geographical concentration of IT firms in specific hubs 

creates unique dynamics affecting technology adoption patterns and performance outcomes. 

Recent studies have examined the role of government initiatives, such as the National AI 

Strategy and Digital India programme, in facilitating AI adoption (Ministry of Electronics & 

IT, 2023). These policy frameworks aim to create enabling environments for AI-driven 

innovation and economic growth. However, the translation of policy intent into organisational 

performance improvements requires examination of implementation mechanisms and 

contextual factors. 

2.4 Organisational Performance Dimensions 

Organisational performance encompasses multiple dimensions requiring comprehensive 

measurement approaches. Financial indicators, operational efficiency, innovation outcomes, 

and stakeholder satisfaction represent core performance dimensions (Kaplan & Norton, 

1996). The balanced scorecard framework provides a holistic perspective, integrating 

financial and non-financial metrics for performance assessment. 

AI adoption potentially influences each performance dimension through distinct mechanisms. 

Operational efficiency improves through automation and process optimisation (Davenport & 

Ronanki, 2018). Innovation capacity enhances through AI-driven ideation and 

experimentation (Cockburn et al., 2018). Financial performance benefits from cost reduction 

and revenue growth opportunities (Furman & Seamans, 2019). Understanding these 

differential effects requires nuanced investigation across organisational contexts. 
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2.5 Gaps in Existing Literature 

Despite substantial research on technology adoption and organisational performance, 

significant gaps remain regarding AI implementation in emerging market contexts. First, 

limited empirical studies examine AI-performance relationships in Indian IT organisations, 

constraining generalisability of findings from developed economies. Second, the mediating 

mechanisms through which AI adoption influences performance require further elucidation. 

Third, contextual factors unique to Indian IT hubs, including infrastructure variations and 

talent dynamics, warrant investigation. 

2.6 Conceptual Framework 

Based on literature synthesis, this study proposes a conceptual framework positing that AI 

adoption intensity positively influences organisational performance through mediating 

mechanisms including organisational learning capability and technological infrastructure. The 

framework also considers contextual moderators such as organisational size, industry 

segment, and geographical location. This integrated perspective aims to provide 

comprehensive understanding of AI-performance dynamics in Indian IT organisations. 

2.7 Hypotheses Development 

Based on theoretical foundations and empirical evidence, the following hypotheses are 

formulated: 

H1: AI adoption intensity is positively associated with organisational performance in Indian 

IT organisations. 

H2: Organisational learning capability mediates the relationship between AI adoption 

intensity and organisational performance. 

H3: Technological infrastructure mediates the relationship between AI adoption intensity and 

organisational performance. 

H4: The relationship between AI adoption intensity and organisational performance varies 

across IT hubs in India. 
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3. MATERIALS AND METHODS 

3.1 Research Design 

This study employed a quantitative, cross-sectional research design to investigate 

relationships between AI adoption and organisational performance. The design facilitates 

hypothesis testing through statistical analysis while accommodating practical constraints of 

data collection across multiple geographical locations. A survey methodology was selected to 

enable broad data collection and generalisable findings (Creswell & Creswell, 2017). 

3.2 Population and Sampling 

The target population comprised mid-level and senior managers in IT organisations operating 

within India's major IT hubs: Bengaluru, Hyderabad, Pune, and Chennai. These locations 

represent approximately 78% of India's IT workforce and provide diverse organisational 

contexts for investigation (NASSCOM, 2024). 

A stratified random sampling strategy ensured representation across organisational sizes, 

industry segments, and geographical locations. Sample size determination followed 

established guidelines for Structural Equation Modelling (SEM), requiring approximately 10 

respondents per measured variable (Kline, 2016). Based on questionnaire items and 

anticipated analytical requirements, a minimum sample of 300 responses was targeted. 

Data collection utilised a structured questionnaire administered through online and in-person 

methods between January and June 2025. Following quality checks and incomplete response 

removal, the final sample comprised 387 valid responses, representing a 72.5% effective 

response rate. Table 1 presents sample characteristics. 

 

Table 1: Sample Demographic Characteristics. 

Characteristic Category Frequency (n) Percentage (%) 

Location Bengaluru 127 32.8  
Hyderabad 98 25.3  
Pune 89 23.0  
Chennai 73 18.9 

Organisation Size Small (1-250 employees) 89 23.0  
Medium (251-1000 employees) 124 32.0  
Large (>1000 employees) 174 45.0 

Industry Segment IT Services 198 51.2  
Software Products 112 28.9  
IT Consulting 77 19.9 

Managerial Level Senior Manager 142 36.7  
Mid-level Manager 245 63.3 

AI Experience < 2 years 98 25.3  
2-5 years 167 43.2  
> 5 years 122 31.5 
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3.3 Instrument Development 

A structured questionnaire was developed based on validated scales from existing literature 

with contextual adaptations for Indian IT organisations. The instrument comprised five 

sections: (1) demographic information, (2) AI adoption intensity, (3) organisational 

performance, (4) organisational learning capability, and (5) technological infrastructure. 

AI adoption intensity was measured using a 12-item scale adapted from Ransbotham et al. 

(2018), assessing the extent of AI implementation across organisational functions. Items 

included automation extent, analytics utilisation, predictive modelling adoption, and AI 

integration in decision-making processes. Responses used 5-point Likert scales from 1 (very 

low) to 5 (very high). 

Organisational performance was operationalised through a 15-item scale capturing financial 

performance, operational efficiency, innovation outcomes, and customer satisfaction 

dimensions. The instrument adapted measures from Kaplan and Norton (1996) and Wang and 

Ahmed (2007), with contextual refinements through expert review. 

Organisational learning capability was assessed using a 10-item scale adapted from Sinkula et 

al. (1997), measuring learning orientation, knowledge sharing, and adaptive capacity. 

Technological infrastructure was measured using an 8-item scale adapted from Bharadwaj et 

al. (2013), assessing technology readiness, integration capabilities, and digital maturity. 

 

3.4 Validity and Reliability 

Content validity was established through expert review by five academic researchers and 

three industry practitioners specialising in AI implementation and organisational 

performance. Construct validity was assessed through Exploratory Factor Analysis (EFA), 

confirming factor structures with eigenvalues exceeding 1.0 and factor loadings above 0.50 

(Hair et al., 2019). 

Reliability was assessed using Cronbach's alpha coefficients, with all constructs 

demonstrating acceptable internal consistency (α > 0.80). Composite reliability values ranged 

from 0.84 to 0.92, exceeding recommended thresholds (Fornell & Larcker, 1981). Average 

Variance Extracted (AVE) values ranged from 0.61 to 0.73, supporting convergent validity 

(Table 2). 

 

Table 2: Construct Reliability and Validity. 

Construct Cronbach's α Composite Reliability AVE 

AI Adoption Intensity 0.87 0.89 0.65 

Organisational Performance 0.92 0.93 0.71 
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Organisational Learning 0.84 0.86 0.62 

Technological Infrastructure 0.82 0.84 0.61 

 

3.5 Data Analysis Techniques 

Data analysis employed SPSS version 26.0 and AMOS version 24.0 software. Analytical 

procedures included: 

1. Descriptive Statistics: Means, standard deviations, and frequency distributions to 

characterise sample and variable distributions. 

2. Correlation Analysis: Pearson correlation coefficients to examine bivariate relationships 

among study variables. 

3. Multiple Regression Analysis: Ordinary Least Squares (OLS) regression to test direct 

hypotheses: 

o Performance = β₀ + β₁(AI Adoption) + β₂(Controls) + ε 

4. Mediation Analysis: Bootstrapping procedures with 5000 resamples to test indirect 

effects: 

o Indirect Effect = (AI → Mediator) × (Mediator → Performance) 

5. Structural Equation Modelling: Path analysis testing the complete conceptual model 

with fit indices including CFI, RMSEA, and SRMR. 

Statistical significance was assessed at p < 0.05, with confidence intervals for indirect effects 

calculated using the percentile bootstrap method (Preacher & Hayes, 2008). 
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3.6 Ethical Considerations 

Research ethics guidelines were strictly followed throughout the study. Institutional approval 

was obtained prior to data collection. Informed consent was obtained from all participants, 

ensuring voluntary participation and right to withdraw. Confidentiality and anonymity of 

responses were guaranteed, and data was stored securely. 

 

4. RESULTS AND DISCUSSION 

4.1 Descriptive Statistics 

Table 3 presents descriptive statistics and correlation coefficients among study variables. AI 

adoption intensity demonstrated moderate levels across Indian IT organisations (M = 3.78, 

SD = 0.82), indicating significant but varied implementation progress. Organisational 

performance showed slightly higher mean scores (M = 4.02, SD = 0.79), suggesting generally 

positive perceived performance outcomes. 

 

Table 3: Descriptive Statistics and Correlations. 

Variable Mean SD 1 2 3 4 

1. AI Adoption Intensity 3.78 0.82 1.00 
   

2. Organisational Performance 4.02 0.79 0.58** 1.00 
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3. Organisational Learning 3.91 0.76 0.49** 0.53** 1.00 
 

4. Technological Infrastructure 3.85 0.81 0.52** 0.56** 0.61** 1.00 

**p < 0.01 

 

Correlation analysis revealed significant positive relationships between AI adoption intensity 

and organisational performance (r = 0.58, p < 0.01), supporting preliminary evidence for H1. 

Organisational learning capability and technological infrastructure demonstrated significant 

correlations with both AI adoption and performance, suggesting potential mediating roles. 

Geographical variations in AI adoption were notable. Bengaluru-based organisations reported 

highest adoption intensity (M = 4.23, SD = 0.67), followed by Hyderabad (M = 3.89, SD = 

0.74), Pune (M = 3.65, SD = 0.81), and Chennai (M = 3.42, SD = 0.88). These differences 

were statistically significant (F(3,383) = 18.47, p < 0.001), supporting contextual variations 

in AI implementation. 

 

4.2 Hypothesis Testing 

4.2.1 Direct Effect Testing 

Multiple regression analysis tested the direct relationship between AI adoption intensity and 

organisational performance. Controlling for organisational size, industry segment, and 

managerial level, AI adoption emerged as a significant predictor of organisational 

performance (β = 0.542, t = 13.87, p < 0.001, ΔR² = 0.337). The model explained 41.2% of 

variance in performance (R² = 0.412, F(6,380) = 44.31, p < 0.001). These results support H1, 

demonstrating AI adoption's substantial contribution to performance outcomes. 

Among control variables, organisational size demonstrated significant positive effects (β = 

0.143, p < 0.01), suggesting larger organisations achieve greater benefits from AI 

implementation. Industry segment differences emerged, with software product firms showing 

stronger AI-performance relationships (β = 0.187, p < 0.01) compared to IT services and 

consulting organisations. 

4.2.2 Mediation Analysis 

Mediation analysis investigated whether organisational learning capability and technological 

infrastructure explain the AI adoption-performance relationship. Following Baron and Kenny 

(1986) procedures combined with bootstrapping, significant indirect effects were identified. 

Organisational learning capability mediated the relationship between AI adoption and 

performance (indirect effect = 0.178, 95% CI [0.122, 0.243]), with proportion mediated of 

32.8%. This supports H2, indicating that AI adoption enhances organisational learning, which 

subsequently improves performance outcomes. 
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Technological infrastructure similarly demonstrated significant mediation (indirect effect = 

0.196, 95% CI [0.141, 0.259]), proportion mediated of 36.2%. The findings support H3, 

suggesting that AI adoption strengthens technological capabilities, enabling performance 

improvements. 

 

Table 4 presents detailed mediation results, including direct, indirect, and total effects. 

Table 4: Mediation Analysis Results. 

Path 
Direct 

Effect 

Indirect 

Effect 

Total 

Effect 

Bootstrap 95% 

CI 

AI → Performance 0.337*** — 0.542*** — 

AI → Learning → 

Performance 
0.542*** 0.178*** 0.720*** [0.122, 0.243] 

AI → Infrastructure → 

Performance 
0.542*** 0.196*** 0.738*** [0.141, 0.259] 

***p < 0.001 

 

4.2.3 Structural Equation Modelling 

SEM analysis tested the complete conceptual model, yielding acceptable fit indices: χ²/df = 

2.47, CFI = 0.94, RMSEA = 0.056, SRMR = 0.048. These indices indicate good model fit, 

supporting the hypothesised relationships (Hu & Bentler, 1999). 

The structural model revealed significant paths from AI adoption to learning (γ = 0.47, p < 

0.001) and infrastructure (γ = 0.51, p < 0.001), which subsequently influenced performance 

(β = 0.38, p < 0.001 and β = 0.41, p < 0.001, respectively). The total explained variance in 

organisational performance was 47.3% (R² = 0.473), indicating substantial predictive power. 

4.2.4 Geographical Variations 

Multigroup analysis examined whether AI adoption-performance relationships vary across IT 

hubs (H4). Bengalauru demonstrated strongest relationship (β = 0.613, p < 0.001), followed 

by Hyderabad (β = 0.557, p < 0.001), Pune (β = 0.489, p < 0.001), and Chennai (β = 0.442, p 

< 0.001). Chi-square difference tests confirmed significant variation across locations (Δχ² = 

12.84, df = 3, p < 0.01), supporting H4. These findings suggest ecosystem characteristics 

influence AI implementation effectiveness. 

 

4.3 DISCUSSION 

The findings provide robust empirical support for the positive relationship between AI 

adoption and organisational performance in Indian IT hubs. The significant β coefficient 

(0.542) indicates that organisations implementing comprehensive AI strategies achieve 
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substantially higher performance levels, consistent with prior research in developed economy 

contexts (Ransbotham et al., 2018; Davenport & Ronanki, 2018). 

The mediation findings offer important theoretical contributions, identifying organisational 

learning capability and technological infrastructure as key mechanisms through which AI 

adoption influences performance. These results align with dynamic capabilities perspectives, 

suggesting that AI's value lies not only in direct automation but also in enabling 

organisational adaptation and innovation (Teece, 2007). Organisations investing in AI while 

simultaneously developing learning-oriented cultures and robust technological foundations 

realise enhanced performance benefits. 

The geographical variations observed highlight the importance of contextual factors in AI 

implementation effectiveness. Bengaluru's stronger AI-performance relationship likely 

reflects its mature innovation ecosystem, availability of skilled talent, and supportive 

institutional environment. These findings have implications for policymakers seeking to 

foster AI-driven economic growth across regions. 

Comparison with prior research reveals both consistencies and unique contributions. While 

previous studies have documented positive technology-performance relationships 

(Damanpour, 1991), this research provides specific insights into AI adoption dynamics in 

Indian IT organisations. The explanatory power (R² = 0.473) compares favourably with meta-

analytic estimates of technology adoption-performance relationships (Sabherwal & Jeyaraj, 

2015), suggesting the model captures important determinants. 

The significant moderation by organisational size and industry segment indicates that AI 

benefits vary based on organisational characteristics. Larger organisations and software 

product firms demonstrate stronger relationships, possibly reflecting greater resource 

availability and strategic focus on technology-enabled innovation. These findings suggest that 

one-size-fits-all approaches to AI implementation may be suboptimal. 

The practical implications of this research are substantial. Organisational leaders should view 

AI adoption as a strategic imperative rather than operational enhancement, recognising its 

potential to fundamentally transform organisational capabilities and performance. Investment 

in AI technologies should be accompanied by complementary investments in learning 

infrastructure and technological capabilities. 
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5. CONCLUSION 

5.1 Summary of Findings 

This research examined relationships between AI adoption intensity and organisational 

performance in Indian IT hubs, with a sample of 387 managers across Bengaluru, Hyderabad, 

Pune, and Chennai. The findings provide robust evidence that AI adoption significantly 

enhances organisational performance, with effect sizes comparable to and sometimes 

exceeding prior research in developed contexts. 

The mediation analyses revealed that organisational learning capability and technological 

infrastructure serve as critical mechanisms through which AI adoption influences 

performance. These findings highlight the importance of developing complementary 

organisational capabilities to realise AI's full potential. The geographical variations observed 

underscore the role of ecosystem characteristics in shaping AI implementation outcomes. 

5.2 Theoretical Contributions 

This research contributes to existing literature in several ways. First, it extends technology 

adoption and organisational performance theories to the Indian IT sector context, addressing 

significant gaps in empirical evidence. Second, it identifies and validates mediating 

mechanisms that explain AI-performance relationships, advancing theoretical understanding 

of transformation processes. Third, it provides evidence of contextual variations across IT 

hubs, supporting institutional perspectives on technology adoption. 
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5.3 Practical Implications 

For organisational leaders, the findings suggest that AI adoption should be prioritised as a 

strategic initiative with clear performance objectives. Investment strategies should balance 

technology acquisition with capability development, ensuring organisational readiness for AI-

driven transformation. For policymakers, the results indicate the importance of creating 

supportive ecosystems that facilitate AI adoption and performance enhancement. 

5.4 Limitations and Future Research 

Several limitations warrant acknowledgment. First, the cross-sectional design limits causal 

inference; longitudinal research would strengthen understanding of causal dynamics. Second, 

self-reported measures introduce potential social desirability bias. Third, the focus on IT 

organisations limits generalisability to other sectors. Future research should examine AI 

adoption in diverse industry contexts, investigate additional mediating mechanisms, and 

explore moderating effects of organisational culture and leadership. 

 

 

 

5.5 Concluding Remarks 

This research demonstrates that AI adoption is a significant driver of organisational 

performance in Indian IT hubs, with effects mediated by learning capability and technological 

infrastructure. The findings contribute to theoretical understanding while providing 

actionable insights for practitioners and policymakers. As AI technologies continue to evolve, 

understanding their organisational implications remains crucial for sustainable competitive 

advantage. 
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